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In multi-class prediction, calibration is essential for accurately interpreting pre-
dicted scores as probabilities, thereby expanding the classification task beyond
label prediction. Calibration metrics and "post-hoc" calibration techniques, orig-
inally designed for binary problems, have been adapted for multi-class contexts;
however, they still face challenges, especially in unbalanced situations with under-
represented classes. To address these issues, we propose using nested dichotomy
algorithms. The multi-class problems is simplified, decomposed into binary ones
in a tree-like structure, allowing for a stronger emphasis on minority classes. Through
experiments using simulated unbalanced data, we will compare the performance
and calibration of nested dichotomies versus multi-class models, assessing the ef-
fects of post-calibration techniques. Finally, we will apply this methodology to real
insurance data for race prediction, which includes minority groups, in accordance
with Colorado legislation SB21-169.
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